Research shows that minority children enter the labor market with lower levels of acquired skill than their white counterparts. The causes of this skill gap, however, are not entirely understood. This paper analyzes one possible cause: the impact of a perceived lack of future opportunities on the human capital investment decisions of minority children and parents. Using NLSY79 data, I take advantage of changes in affirmative action laws regarding university admissions as a natural experiment. I test for changes in a variety of child and parental human capital investment variables such as time spent studying and parental involvement for children below the age of 15. The results show that time spent studying among 7 th and 8 th grade blacks in the affected states is significantly lower. The results for parental input variables show a fairly consistent negative trend among black parents of younger children. Additionally, cognitive achievement tests are examined and show significant results among the same age groups.
Introduction
Research has shown that much of the differences in wages that exist between whites and minorities can be attributed to differences in skill level that exist prior to labor market entry (Neal and Johnson 1996) . Additionally, it has been found that these skill gaps exist at very early ages, even before children enter primary school (Carneiro, Heckman, and Masterov (2005) , Todd and Wolpin (2004) , Levitt (2004, 2005) ). What is not entirely known is why the skill gaps exist and, therefore, what role various policies may have in mitigating this issue. This paper examines one possible cause for the existence of these skill gaps. Namely that minorities perceive a world in which they expect to have fewer opportunities than whites and respond to this by investing less in human capital development when young. This concept has been suggested in the literature (Lundberg and Startz (1983) , Lundberg and Startz (2000) , Neal (2005), Carneiro, Heckman, and Masterov (2005) , Todd and Wolpin (2007) ), but, to my knowledge, has received very little attention empirically.
To test the hypothesis that minority parents and children respond to a perceived lack of future opportunities by investing less in human capital development I take advantage of the changes in affirmative action laws regarding university admissions that occurred during the mid 1990s. In a theoretical sense, the removal of affirmative action should have both an income and substitution effect on the human capital investment decisions of children. For underrepresented minorities, the removal of affirmative action makes it more difficult to be accepted into college with the same set of human capital investment. The child may either invest more to make up for this loss (income effect), or shift their time into other, non human capital activities, due to the perceived reduction in return to human capital development (substitution effect).
Using several direct measures of child and parental inputs into human capital development, such as hours spent studying, parental involvement in homework activities, and how often parents read to younger children, I find fairly consistent and significantly negative effects on human capital investment among black children and parents relative to whites and blacks from unaffected states. The results for investment variables are very closely mirrored by those for cognitive achievement outcomes. Overall, these results suggest that perceived limits on future opportunities may play a role in human capital investment among minority children and parents, and therefore may be a factor in the existence of the skill gap.
Theoretical Framework
I propose a two-period labor-leisure choice model of the form: investment during the first period, T 1 is the total time available to split between leisure and human capital investment in the first period, S represents the decision to attend college by the child conditional on being admitted, and E[f(H 1 ,S)] is the expected marginal rate of return to human capital investment.
Second period income is a function of the human capital investment of the child when young and whether or not the child attends college. Here college operates as an intermediary step between periods 1 and 2. In period one, the child makes a decision between consuming leisure and investing in human capital. At the end of period one the child either attends or does not attend college and then earns Y 2 in period two based on their decisions in period 1 and their ability to attend college. Whether or not the individual attends college is determined by the admission decisions of the college such that Prob (S = 1) = G(H 1 ). The child will be accepted into college if a threshold (G*) is met given their level of human capital development and other factors affecting admission decisions. In this case we assume the presence of an affirmative action program in university admissions that, for a minority child, increases the probability that (G*) will be met for any given level of H 1 .
If affirmative action is eliminated then it becomes less likely that a minority will be accepted into college for any given level of H 1 . It is fairly straightforward to derive a result where we have both an income and substitution effect in response to changes in the affirmative action laws and an ambiguous theoretical outcome.
Affirmative Action and Higher Education
The legal basis for the use of race based admissions criteria by universities prior to 1996 was primarily the result of the 1978 U.S. Supreme Court decision Regents of the University of California v. Bakke. 2 The 1978 decision established the legality of using race as a factor in college admissions, stating that colleges and universities may use 2 438 U. S. 265 (1978) .
admissions programs that take into account race in order to help foster diversity, however they could not use separate admissions procedures for minority candidates or quotas. This ruling set the stage for the inclusion of race in the decision making process for many academic admissions programs for the following twenty years.
Challenges to Affirmative Action
On March 18, 1996 the U.S. after being delayed in the courts for almost a year. Although the proposition was not passed until late 1996 and did not take effect until the following year, it was well publicized and debated throughout much of 1996.
Figures 1 to 3 show some of the descriptive impact of the banning of affirmative action on the University of California system of schools. Figure 1 shows admit rates as a percent of total applications by race for the University of California system from 1994 to
2004. In 1998, the first entering class following the enactment of the ban shows a strong drop in admit rates for black students. Figure 2 shows application and admit rates for blacks into the UC system as a percent of the total 18 year old black population in California for years 1994 to 1999. Admit rates as a percent of the total 18 year old black population in California dropped slightly in 1997, the year prior to the policy becoming binding, and dropped further in subsequent years. The initial drop, however, may be explained by the drop in application rates in 1997. This is relevant, because in 1997 the law had passed, but was not binding yet and suggests that blacks may have been altering their behavior prior to the law being enacted. Figure 3 shows the change in admit rates among blacks as a percent of total applications for the two most selective schools in the UC system, Berkeley and UCLA. 
Literature on Affirmative Action Bans
There does exist a growing literature within economics that examines the impact of these policy changes on the behavior of minorities (Long 2004a (Long , 2004b (Long , 2007 Card and Krueger 2005; Brown and Hirschman 2006; Dickson 2006) . 9 These studies have primarily focused on the decisions of high school children as they prepare to enter college and therefore are looking at responses to policies that alter the immediate constraints facing the children. However, they do suggest that the policy changes are relevant enough to alter the behavior of older children and therefore it is certainly plausible that younger children or the parents of younger children might respond to such a change in the landscape of opportunities facing minorities.
Data
I use the 1979 National Longitudinal Survey of Youth (NLSY79) and the Although the original NLSY79 was a nationally representative sample, the CNLSY79 is not. The CNLSY79 is heavily weighted with first born children and children of young mothers. 10 In order to account for this, sample weights included in the data are used throughout this study to adjust estimates to be nationally representative.
Children of the NLSY79 (CNLSY79
Additionally, since the sample includes children born to the original NLSY79 cohort, children of recent immigrants are not included in the data. As a result, Hispanics in the sample are unlikely to correspond closely to the current Hispanic population in the U.S.
Empirical results, therefore, will primarily focus on the behavior of blacks relative to whites. Hispanics are kept in the sample as an additional comparison group.
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Only children known to be residing with their mother at the time of the survey were included in the analysis. This was necessary to ensure that the mother's background information was relevant for the child included in the sample. Additionally, I omitted children who were residing outside of the U.S. at the time of the survey.
The CNLSY79 data contain a number of behavioral variables for both the child and mother that may have a direct impact on the level of human capital development. The key dependent variables used in the study are briefly outlined below.
Weekly Hours Spent on Homework by the Child
10 45.2% of the total observation years in the sample are from first-born children, and the mean age at birth for the mothers in the sample is approximately 24 years. 11 The inclusion of Hispanics is potentially useful as a control for unobservable schooling impacts since blacks and Hispanics tend to belong to similar schools.
I use four direct measures of hours spent doing homework each week from the CNLSY. Beginning in 1996, each child was asked how many hours are spent on homework in school and how many hours are spent on homework after school each week. Additionally, the mother was asked to estimate the number of hours spent by the child each week on math homework and on writing homework respectively. 12 The redundancy of these questions asked of both the parent and child independently provides a means to test the reliability of the results.
Parental Involvement Variables
There are a number of questions within the data that document the mother's involvement with the child. Given that I am concerned with parental activities related to the human capital development of the child, I constrain my analysis to variables directly related to involvement with study activities and schooling. Among the variables examined are child self reports concerning how often parents help with homework and how often parents check on homework. Each of these questions have been asked since 1996. In each case the child was given six choices as possible responses, ranging from never to everyday.
In addition to the child self report variables I also look at the question asked of the mother on how often the mother reads to the child. This question has been included in the CNLSY survey since its inception in 1986, so a nice baseline is provided with regard to parental behavior prior to the changes in policy. Unlike other responses used in the study, this question is only asked of mothers up to the child age of nine and is asked separately 12 The 1996 and 1998 version of the survey round parental responses to the nearest hour, however the 2000 and 2002 versions allow for a more continuous measure by adding two additional zeros on the end of each response. (i.e. 3 hours is coded as 300). These data were divided by 100 to more closely match responses from earlier waves of the survey. As a result, responses in the latter years include fractional hours while earlier responses do not.
for mothers of children aged zero to two, three to five, and six to nine. I include this question to observe possible changes in parental behavior toward younger children. This variable has been used frequently in the literature and serves as a proxy for overall involvement by the parents in the human capital development of younger children.
Cognitive Assessment
The cognitive assessment measure used in the analysis is the Peabody Individual Achievement Test (PIAT) for Mathematics. This assessment test was administered to all children in the sample between the ages of five and fourteen during each wave of the survey. The advantage of using this test as a measure of cognitive ability is that it has been administered repeatedly to children over the age of five, providing a development profile for each child in the sample.
The PIAT math test consists of 84 multiple-choice questions of increasing difficulty, beginning with elementary arithmetic and progressing to advanced concepts in geometry and trigonometry. Raw scores were used as opposed to percentile or age adjusted standardized scores in order to provide an absolute measure of ability that allows for the measurement of gains over time as children age. 13 This particular measure of child ability is well suited for the measurement of changes in achievement as children age since the same test is given to children in all age groups. Additionally, the PIAT math assessment has the advantage of having a high completion rate within the CNLSY79 dataset. 14 The high completion rate within the sample coupled with the fact that all 13 The primary results are not sensitive to this choice. children in the sample are given the test helps to mitigate the issue of selection bias that would exist with using SAT scores or other similar measures.
Covariates
The use of NLSY data allows for a fairly rich set of family and individual background variables. The regressions control for the mother's highest grade completed, birth order of the child, child's gender, age of the child, grade, whether or not the child lived in an urban area, and the presence of a spouse or partner within the household.
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Summary statistics for covariates are provided in table 1.
Empirical Analysis and Results
The estimating strategy is as follows. In all phases of the analysis four states were excluded due to concerns about the status of affirmative action laws with regards to university admissions in those states.
Mississippi and Louisiana were excluded as they are part of the 5 th circuit and thus were also covered under the Hopwood decision, however Hopwood was followed by official changes in policy in Texas which did not occur in either Mississippi or Louisiana. As such, it is unclear what, if any, impact the Hopwood decision would have had in these states. Washington was omitted due to a significant lack of observations regarding minorities within the CNLSY data. The Florida case is more problematic due to the elimination of affirmative occurring much later and following significant debate lasting several years. The length of the debate in Florida prior to the actual banning of affirmative action, and that it had to be taken as a credible threat, given what had already occurred in California and Texas, creates some ambiguity in determining exactly when minorities in Florida may have been legitimately responding to these threats. As a result I have focused on California and Texas, however the inclusion of these four omitted states will be examined as part of the sensitivity analysis.
Expectations
Given the many possible alternative explanations for minorities investing less in human capital development I begin the empirical analysis by examining child responses to survey questions within the data regarding their expected educational attainment during their lifetime. The question provides for a number of possible responses ranging from high school dropout to post-graduate education. These responses were collapsed into two categories: some college and beyond or high school degree or less. Responses were available from 1988 to 2002, so difference-in-difference-in-differences methodology was employed to determine if there was a significant drop in expectations about attending college for blacks in the affected states following the policy changes relative to whites and children of all races and ethnicities from unaffected states.
Estimation was performed using a probit model:
where:
where black is a dummy variable equal to one if the individual is black and zero otherwise, Hispanic is a dummy variable equal to one if the individual is of non-black, Hispanic ethnicity, Caltex is a dummy variable equal to one if the individual lived in either California or Texas, Policy is defined as observations occurring in 1996 or beyond, and v it is the error term.
16 X it is a vector of individual and family characteristics that includes a dummy variable for female, birth order of the child, age of the child in months and age-squared, highest grade achieved by the mother, a dummy variable for urban equal to one if the child's residence is classified as an urban area within the NLSY data, the grade of the child and grade-squared, and the marital status of the mother. To account for year-to-year shocks a vector of year dummy variables were also included with the initial year omitted to serve as the base year.
Marginal effects are presented in Overall, the results show a highly significant, negative impact on expectations for black children in grades five to eight that are robust to both states individually. No significant results are found for third and fourth graders.
Parental Involvement
16 As per Bertrand et al. (2002) , robust standard errors were calculated clustered around individual states. This is followed throughout all analyses in this study.
The responses to how often the parents check homework, how often the parents help with homework, and how often the mother reads to the child allow for a variety of possible responses regarding parental behavior. To take advantage of this, an ordered probit model is used to estimate the possible effects of the policy changes on these activities.
where j corresponds to the possible choice of responses, I it is defined as
for how often the parent checks on or helps with homework and 17 In each case there is a natural, hierarchical ordering to the responses given, although the distances between each value do not imply a cardinal ranking. As such the actual value of response is not relevant, only that higher valued responses correspond to greater levels of involvement among the parents.
The ordered-probit regression results are shown in Table 3 . There are some interesting trends evident in the data for the frequency with which black parents check on or help with the homework of their child. Black parents of 3 rd to 6 th graders in California and Texas show strongly significant, negative results that are robust to both states. The youngest age group essentially shows no impact.
The results for how often black parents in California and Texas read to their child after the policy changes show a strongly negative result for two of the three age groups examined, both highly significant and robust to both states individually. These results are intriguing for two reasons. First, they include several years of observation both before and after the policy changes. Second, much of the current literature focuses on the impact of reading to children in the early years of childhood on the existing black-white skill gaps, thus finding significant results among this set of decision variables does provide a more direct link between perceptions about future opportunities and the important early skill gaps that exist between races.
Weekly Hours Spent on Homework
Estimation on weekly hours spent doing homework using pooled, independent cross sections were done using the difference-in-differences estimator where the treatment groups are minority children (black and Hispanic) in California and Texas and the control group consisted of white children in California and Texas and children of all races and ethnicities in the rest of the U.S. The data were divided into two-year grade groups. This was done to account for the fact that time spent doing homework may vary considerable across grade levels.
Separate analyses were performed for each of the four measures: weekly hours spent doing homework at school, weekly hours spent doing homework outside of school, weekly hours spent doing math homework, and weekly hours spent doing writing homework.
The underlying regression equation for weekly hours spent doing homework is:
where Hours it is the number of hours spent each week on homework for each of the four measures previously mentioned for individual i in year t. Observations were omitted if the relevant measure of hours spent studying was missing in the data or if data was missing from one of the covariates used in each of the analyses.
When pooling two policy states together as a single treatment group there is always the possibility that a state specific effect could be driving the overall results.
Results, therefore, are also reported using California and Texas independently relative to the rest of the country. There is also the issue of a lower bound on the number of hours spent studying each week. Approximately thirty percent of the sample reported zero hours each week. Using a linear model in this case may lead to negative predictions for hours studying, so the Tobit model is used for the estimation.
The results for hours spent doing homework are presented in tables 4 and 5. In order to get a better sense of who is most affected by the policy changes I divide the sample into two groups based on mother's education with those with mothers having at least some college (13 years or greater) into one group and those with mothers having a high school degree or less in the other. The intuition being that children with mothers having more than a high school education may live in a household that is more informed about the policy changes and may be more likely to be considering college themselves. These results are shown in columns four and five of Table 4 and strongly support the above hypothesis with an even larger impact on black children of higher educated mothers, while the effect on children of lesser educated mothers are insignificant on two of the three after school measures.
The results for time spent studying at school show no significant impacts among the relevant variables for black children. A possible explanation being that time spent at school is more a product of the schools attended and less the result of choices made by the students themselves. This variable is included as a possible proxy for school effects.
In order to test whether the results on hours spent doing homework after school are simply the result of differences in the frequency of homework assigned by the teacher, I utilize child responses regarding how often their teacher assigns homework each week. I divide the data into two groups: those whose teacher assigns homework several times a week and those whose teacher assigns homework two or fewer times per week. Results, reported in panel B of table 4, are very strong for black children assigned homework several times per week and are robust across all three after school measures and both states. Results for the children with less frequent homework are generally negative, with more intermittent significant results. These results tend to support the argument that differences in the amount of homework assigned do not explain the disparities in hours spent studying among minorities in the affected states. 
where Math it is the math score for individual i in year t, Policy t is a dummy variable equal to one if the observation occurs in the post policy era (1998, 2000, or 2002) , and X it includes all variables previously defined with the addition of a control for the number of times the child has taken the test in previous years.
The empirical results from the estimation using the entire U.S. sample are presented in Table 6 . Column one gives estimates for all age groups pooled together.
Columns two to five show results for the two year age groupings.
The signs for all standard explanatory variables are consistent with a priori expectations. The coefficients of primary interest are presented in rows one and two. The coefficient on Policy*CT*Black is negative and significant at the 1% level for the all age group and two of the four two-year age groupings. The coefficients are also economically significant considering that the test has a score range of 0 to 84 points. For perspective, the mean test score for U.S. blacks in the post-policy era is 43.2, so a coefficient of -2.327 represents a reduction in test scores of approximately 5.3% relative to blacks elsewhere. The coefficient for the thirteen and fourteen year old group of -6.379 implies an adjusted score that is approximately 12% lower than blacks elsewhere. Estimates for the effect on Hispanic children are insignificant for all specifications of the model tested.
The Policy*Caltex variable captures the impact of the policy changes on whites in California and Texas. The coefficient is positive and significant for both the pooled group and the oldest age group. It appears, based on this, that possible concern over California and Texas whites being an adequate control group may be warranted since it violates the primary assumption that the control group be unaffected by the policy change. This adds to the importance of including whites and minorities elsewhere as an additional control group to help mitigate the effects of this problem. Additionally, the finding that whites in California and Texas were doing significantly better following the policy changes adds empirical support to the proposed theoretical foundation given that whites presumably perceived an increase in educational opportunities. and Texas blacks and whites before and after the policy changes. The figure shows that white children were performing better than blacks prior to the policy changes, however after the policy changes the gulf widened noticeably.
Robustness
In addition to the primary model I also examine a number of alternative specifications. The results, broken down by model specification and age group, are shown in table 7 with results from the primary model described in the previous section reproduced in row one for comparison purposes. Overall, the results for blacks are very consistent across all specifications and closely match those found among the investment variables discussed earlier in terms of age groups.
Rows two through ten include the same set of covariates as the main regressions presented in table 6 but alter the sample used. Row two looks at a model restricted to California and Texas only and omits the rest of the country as a comparison group. This specification is included to avoid possible unknown factors from other states that may be contributing to the significant results found in the main model.
Rows three and four show results for a model where each of the policy states are tested independently, omitting the other state from the sample. These specifications are included to address the possibility that events within a single state, either California or Texas, may be driving the overall results. It appears, based on these results, that the results from the main set of regressions reported in table 6 are not being driven by a single, state specific event since results are fairly similar for both models that exclude one of the policy states. The robustness of the results to the Texas only specification is also important because it suggests that results are not being entirely driven by the more expansive policy change that occurred in California.
Row five looks at a model that is restricted to blacks before and after the policy in the affected states relative to blacks elsewhere. This sample specification suggests that the inclusion of California and Texas whites are not driving the results and that blacks in California and Texas had a reduction in their human capital development relative to blacks elsewhere.
Row six shows results for a model that omits the year 1996 from the sample. The policies in question were passed in 1996 but not enacted until 1997. Given that the outcome measure of interest is a math test score, it is expected that there should be a lag between possible changes in minority behavior and the subsequent impact on test scores.
As a result, 1998 was selected as the initial post-policy year. There is, however, some ambiguity as to whether 1996 should be classified as pre-policy. The results show very little change for a sample with 1996 omitted.
Rows seven to ten show results that include states omitted for various reasons from the main model tested. The remaining rows add additional covariates to the basic set used in the main model, such as mother's AFQT, net family income, marital status of the mother, and family size. Adding in additional covariates ultimately reduces sample sizes due to missing observations, so the more basic set of covariates is used in the primary analyses. The results, however, show that very little changes once the additional covariates are added to the model. The sample was also divided into two groups, those with mothers who had thirteen or more years of education and those having twelve or fewer years. These results are shown in Table 8 . The results show a large and significant negative impact of the policy on California and Texas blacks in the high mother's education group for three of the five age groupings and negative coefficients on all of them. The low mother's education group has a much smaller effect and is significant for only the eldest group. This again matches closely to the results found in table 4, with strongest results occurring among children whose mother had at least some college and among the eldest age group.
Impact on the Growth Rate of Test Scores
In order to examine the rate of growth in math scores as children age I organize the data as a panel of same individuals across time and estimate using an individual fixed effects model. I estimate the model using three sets of panel data: a sample that includes all races but is restricted to California and Texas only, a sample that includes all races for the entire U.S., and a U.S. sample that is restricted to only blacks. In all cases I restrict the samples to individuals who had valid math test scores in both 1996 and 2000.
The estimating equation for the model that includes the entire U.S. is: where X it is a vector of observable time varying individual characteristics, a i includes the unobservable individual characteristics that are constant over time.
Results for the individual fixed effects estimation are presented in Table 9 .
Column two reports results for the sample that includes the entire U.S. Results for the model with data restricted to California and Texas only are shown in column three.
Column four shows results from a U.S. sample restricted to only blacks.
The coefficient for the effect of the policy on blacks in California and Texas from the U.S. model, Policy*CalTex*Black from column one, is -7.092 and significant at the 1% level. The other sample specifications also show highly significant results for blacks in California and Texas (Policy*Black from column two and Policy*CalTex from column three). Column 1 of table 9 shows the growth rate for a panel beginning in 1990 and ending in 1994, prior to the policy changes. No significant differences among blacks in California and Texas are found, suggesting no pre-trend existed. Figure 6 shows the rate of growth in math test scores taken from the regression residuals for various groups. The distribution for California and Texas blacks is clearly to the left of all others.
Conclusion and Discussion
Recent literature has demonstrated the importance of white-minority skill gaps in explaining wage differentials between races. It has also been shown that these skill gaps are present at very early ages and persist through adulthood. Given the significant role that skill gaps have in explaining wage inequality it is important to better understand the causes of these gaps in order to help make informed policy decisions that can be effective at remedying this issue. In this paper I have attempted to empirically analyze one potential cause for the existence of skill gaps. Namely that minorities perceive a world in which they expect to have fewer opportunities than whites and respond to this by investing less in human capital development when young.
Using changes in the affirmative action policies regarding admissions into colleges and universities that occurred in California and Texas during the mid 1990s, I examine a number of child and parental human capital investment variables to see if the policy changes resulted in changes in minority behavior. I find fairly consistent, negative results among child input variables for black children and parents in the affected states.
I also find a highly significant, negative impact on math test scores for black children that is consistent across sample and model specifications. The results are strongest among older children and children whose mother had more than twelve years of education. More importantly, these results closely match those found for investment variables. Older children were found to have spent significantly less time studying, which corresponds closely to drops in test scores for children in this age group using a much longer period of data. The significant drop in test scores found among younger children also corresponds closely to changes in parental inputs among this age group. Hispanic children show more ambiguous results.
The stronger results for black children than for Hispanic children are consistent with three important factors. First, public attention regarding economic and social disadvantage in the United States appears to be significantly more focused on the plight of blacks than any other minority group. As a result, it is plausible that perceptions about fewer opportunities of all types for blacks is more ingrained in our society than it is for other minority groups. Second, exit polling data from the 1996 election regarding Proposition 209 in California suggested that Hispanics were much more divided on the issue than were blacks. Finally, the black-white skill gap is marginally larger than the Hispanic-white gap. The results are consistent with negative expectations possibly affecting both groups, but affecting blacks in a more significant fashion.
It is possible that the effects found could be the result of concurrent policy changes or events unrelated to the ending of affirmative action. It is important to note, however, that any policy that affects children of all races equally would be controlled for in both the difference-in-differences or fixed effects estimations. What would be required are policies that differentially affect minorities. Further, given that stronger results are found for black children than for Hispanic children, any concurrent policy changes would have to differentially affect black children in a negative fashion in order to produce these results. Certainly a case could be made that school funding changes may differentially affect inner-city schools and therefore have a greater impact, positive or negative, on minority children. In many cases, however, blacks and Hispanics go to the same schools and should be affected equally by such an outcome.
Overall, the results do suggest that negative future expectations are playing a role in the human capital development of black children. Additionally, the results suggest that affirmative action programs may play a role in skill levels between whites and blacks beyond the intended goals of such policies. At the very least, it appears that ending affirmative action did not result in an increase in minority human capital investment. * significant at 10%; ** significant at 5%; *** significant at 1%. Grades 5 Robust standard errors in parentheses. * significant at 10%; ** significant at 5%; *** significant at 1%. Regression covariates also included mother's high grade, gender, birth order, marital status of mother, urban, grade, age, and year. Robust Standard errors in parentheses. * significant at 10%; ** significant at 5%; *** significant at 1%. Regression covariates also included mother's high grade, gender, birth order, marital status of mother, urban, grade, age, and year. Robust Standard errors in parentheses. * significant at 10%; ** significant at 5%; *** significant at 1%. Regression covariates also included mother's high grade, gender, birth order, marital status of mother, urban, grade, age, and year. in parentheses * significant at 10%; ** significant at 5%; *** significant at 1% Regression covariates also included mother's high grade, gender, birth order, urban, grade, age, number of times child has taken the test, and year. (1.035) (1.917) (2.579) (1.857) (2.265) Robust standard errors in parentheses. * significant at 10%; ** significant at 5%; *** significant at 1% Regression covariates also included mother's high grade, gender, birth order, urban, grade, age, number of times child has taken the test, and year. 
